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ABSTRACT 

Developing preventative measures through intentional planning and oversight of clinical 

trials has the potential to increase efficiency and quality of trial processes and data. This 

practicum report details a Quality Improvement (QI) initiative evaluating implementation and 

impact of a standardized data-tracking software on clinical research data compliance in the 

Radiation Oncology Clinical Research Office at UT Southwestern Medical Center (UTSW). 

 The standardized data tracker evaluated in this study was built through Quickbase, a 

cloud-based, low-code application development platform specializing in project management and 

operations optimization. This project evaluated data sets from two active radiation oncology 

clinical trials using repeated cross-sectional methods to compare rates of data non-compliance 

and trends in the types of non-compliance exhibited at baseline, one-month, and three-month 

post data-tracker implementation. Trends in non-compliance were reviewed and preventative 

measures backed by recommendations from the literature were proposed to facilitate future QI 

initiatives within the department. 

The Chi-Squared (&2) Test for Independence was used to determine whether there was a 

statistical difference in rates of data non-compliance across the three timepoints within studies 

and overall followed by post-hoc tests consisting of pairwise comparisons with Bonferroni 

corrections. Overall, statistical analysis revealed a significant difference in rates on non-

compliance across timepoints, suggesting that implementation of the standardized Quickbase 

data-tracking management tool does significantly decrease rates of non-compliance. Descriptive 



 

statistics were performed to characterize the trends in non-compliance within each study across 

timepoints.  

This quality improvement project was the first of its kind to formally examine data 

management trends and practices within the Radiation Oncology Clinical Research Office at UT 

Southwestern Medical Center. The results provide positive feedback regarding the 

implementation of a standardized Quickbase data-tracking management tool and characterization 

of non-compliant data illuminated pressure points in data management workflow that can inform 

future QI initiatives in shifting data management from its current reactive state to a more 

proactive data-driven approach. Future work should evaluate the proposed preventative 

measurements to provide further insight into best practices that can support continuous 

improvement initiatives within the department. 
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CHAPTER I 

INTRODUCTION 

 

In 2020, there was an estimate of 19.3 million new cancer cases and nearly 10.0 million 

cancer deaths worldwide (Sung, 2021). Radiation oncology clinical trials contribute to the 

knowledge and existing literature on cancer treatments, allowing practitioners to determine if 

new treatment protocols are safe and effective. Effective trial management practices are vital to 

the success of clinical studies by ensuring study subject safety, and the collection of quality data. 

However, the modern-day clinical research industry operates within an intricate ecosystem of 

oversight and regulation that has led to increasingly inefficient and costly processes, putting a 

strain on medical advancement. The purpose of this practicum project was to evaluate the impact 

of a standardized data-tracking software on clinical research data compliance and propose 

preventative measures that will contribute to increased efficiency and quality within the 

Radiation Oncology Clinical Research Office at UT Southwestern Medical Center (UTSW). 
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CHAPTER II 

BACKGROUND AND LITERATURE REVIEW 

  

Since the early 1990s, the practice of Evidence Based Medicine (EBM) has propelled 

itself into the forefront of modern-day healthcare decision-making (Zimerman, 2013). With 

(%0¶V core components rooted in clinical expertise, patient values, and the current best 

scientific evidence, clinical research has become a critical driver in the development and 

implementation of effective new therapies to improve the evidence-based standards of care for 

the treatment of disease (Devine et al., 2008).  

 In the past century, layers of regulation have been added to the conduct of clinical trials 

in response to historic breaches in ethics, from the negligent marketing practices in the early days 

of patent medicine to the blatant abuse of human subjects during WWII Nazi prisoner 

experimentation and non-therapeutic research efforts such as the Tuskegee Study (Junot, 2008). 

Today, academic research centers, clinical research organizations, and clinical trial sponsors 

have established an intricate ecosystem of oversight based off the Title 21 US Code of Federal 

Regulations and the E6 International Conference on Harmonization (ICH) Good Clinical 

Practice (GCP) Guideline to promote human subject safety and produce quality research. 

Although well-intentioned and necessary, the stringent implementation of GCP practices have 

raised concerns as the daily operations of clinical research have become increasingly inefficient 

and costly processes that ultimately strain the industry rather than strengthen it (Mentz, 2016). 

Large academic medical centers conduct a variety of clinical research trials in the 

investigator-initiated as well as sponsor-initiated realms, requiring the complex coordination of 

various stakeholders from study start-up to close-out. While the responsibility of a study is 
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ultimately that of the Principal Investigator (PI), the Clinical Research Coordinator (CRC) plays 

a crucial role in the systematic gathering of quality data for input into such systems. Tasks 

delegated to the CRC are multifold: recruiting patients, conducting study visits, upholding good 

documentation practices, maintaining regulatory documents, and communicating with various 

members of the study team as well as study subjects (Rico-Villademoros et al., 2004). Often, 

CRCs manage multiple studies at once, and due to workplace turnover, a single trial may be 

managed by multiple CRCs during its lifetime. With so many moving parts, errors in trial 

management procedures, whether random or structural in nature, are bound to occur. For that 

reason, systematic checkpoints are in place through monitoring and auditing processes.  

Traditional monitoring is conducted on-site, usually incorporating 100% source data 

verification which is estimated to account for 25% of trial budgets on average (Funning et al., 

2009). Growing concerns over the efficacy and efficiency of intensive monitoring practices has 

spurred in recent years. The Risk ADApted MONitoring (ADAMON) study, set out to determine 

whether trial-specific, risk-adapted, reduced on-site monitoring is as effective as extensive, non-

targeted on-site monitoring in preventing major or critical GCP violations in audit trials, found 

insignificant benefits of intensive monitoring strategies compared to the risk-based strategies 

(Brosteanu et al., 2017). Similar conclusions regarding the non-inferiority of risk-based 

monitoring have been made in systematic reviews of the literature (Klatte, 2021). Additionally, 

Brosteanu et al. noted that the use of resources was cut in half when using risk-based monitoring, 

while still maintaining the same level of GCP compliance. Despite this evidence and ICH GCP 

guideline support of alternative monitoring methods, a 2020 survey on current monitoring 

practices showed substantial heterogeneity in monitoring practices within and between the 

various stakeholders in the industry (Houston et al., 2020). While progress has been made in the 
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adoption of alternative monitoring strategies, the central goal of monitoring continues to focus on 

the detection and elimination of non-compliance after the fact, with little emphasis on 

prevention; in consequence, the same barriers in non-compliance persist and repeat themselves 

throughout the life cycle of a study, doing little to improve data management practices and 

overall productivity of study staff over time (Ansmann et al., 2013). The culmination of these 

findings suggests a lack of understanding surrounding the methods of quality data management 

DQG�FDOOV�IRU�LQFUHDVHG�UHVHDUFK�HIIRUWV�WR�HVWDEOLVK�D�³JROG�VWDQGDUG�PHWKRGRORJ\´�WKDW�HQVXUHV�

data integrity across clinical research (Houston et al., 2018).  

The need for added emphasis on prevention rather than remediation is consistent in the 

literature, though only a small body of research has expanded on data quality frameworks that 

support this shift in perspective (Meeker-2¶&RQQHOO�et al., 2016; Curcin et al., 2014, Lockery et 

al., 2019). One of the most comprehensive efforts to date is the Clinical Trials Transformation 

Initiative (CTTI), an organization cofounded in 2007 by Duke University and the United States 

Food and Drug Administration committed to the enhancement of quality and efficiency in 

clinical trials through improvements in protocol design, trial planning, and oversight (³:KR�:H�

$UH´��Meeker-2¶&RQQHOO�et al., 2016). Focusing on improvements in oversight, CTTI¶s work in 

addressing issues in clinical trial monitoring culminated into their comprehensive ³Quality by 

Design´�project, which provides recommendations to actively build quality into the design of 

clinical trial research and management practices in a continuous and prospective manner 

(Tenaerts et al., 2016).  

In a radiation oncology clinical research office managing approximately 80 studies, 

impactful management tools are essential in meeting the workload demand of clinical research 

staff and continuously supporting them in the collection of high-quality data through targeted 
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and data-driven preventative measures. Borrowing strategies from the business sector, one of the 

most important corporate management tools is standardization, defined as an internal and 

continuous process essential for achieving quality results and increased productivity (Buchanan 

et al., 2021). In healthcare, similar practical applications of standardization follow, cited as 

useful in process management analysis and valuable in providing direction for process 

improvement (Esptndola et al., 2019). Applying the concept of standardization to clinical 

research processes using information technology assistance has the potential to improve 

efficiency and quality in clinical trials as well. The literature of information technology 

assistance usage in clinical trials has not been highly expounded upon, as most medical 

publications fail to describe the methods or systems in use that lend to the collection of quality 

data from a management operations perspective (Rusjan & Kiauta, 2019). Although limited, the 

implementation of standardized task and workflow management systems for patient tracking has 

shown some promise in simplifying trial management processes (Alameida et al., 2020; Pung & 

Rienhoff, 2019). To support the complex coordination and compliance measures required in 

clinical trial management, the standardized data-tracker under evaluation in this study was built 

in Quickbase, a cloud-based, low-code application development platform specializing in project 

management and operations optimization (Quickbase, What is Quickbase?). While rooted in 

business innovation, Quickbase platforms have been applied to a variety of industries. In 2007, 

Clinical Research Organization Atlantic Research Group used the Quickbase platform to create 

TrialVista, a comprehensive clinical trials management system (Quickbase, Atlantic Research 

Group Manages Clinical Trials with Quickbase). The Quickbase platform allows for data-tracker 

customization based off protocol time and events tables, while also maintaining a standardized 

workflow and interface across studies and coordinators on one centralized database. 
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Centralization also allows for compilation of productivity metrics across studies in easy to 

interpret pie charts and graphs, representative of departmental strengths and needs, that can aid 

administrative staff in making informed decisions regarding management practices. 

 

SPECIFIC AIMS 

 

While standardized processes such as regular monitoring and auditing of studies are in 

place to mitigate poor documentation practices that impact data quality within the UTSW 

Radiation Oncology Clinical Research Office, currently there is  no standard process in place 

within the department to oversee data quality snapshots in real-time and aid in the prevention of 

poor documentation from occurring in the first place.  

Research Question: 

Will the implementation of a standardized Quickbase data-tracking management tool 

improve data compliance in study management? 

Null hypothesis: 

There is no significant difference in rates of data non-compliance after implementation of 

a standardized Quickbase data tracking tool  

Alternative hypothesis: 

There is a significant decrease in rates of data non-compliance after implementation of a 

standardized Quickbase data tracking tool. 

Aim 1:  

Evaluate the impact of a standardized Quickbase data tracking management tool on data 

compliance in the UTSW department of Radiation Oncology Clinical Research Office 
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Aim 2: 

Better understand the barriers in data management workflow by characterizing the 

shifting trends in data non-compliance after consistent implementation of a standardized 

Quickbase data tracking tool.   

Aim 3: 

Facilitate future ³4XDOLW\�E\�'HVLJQ´�LPSURYHPHQW initiatives that will prospectively 

address the specific barriers highlighted through the utilization of a standardized 

Quickbase data tracking tool.   

 

SIGNIFICANCE 

 

In 2020, there was an estimate of 19.3 million new cancer cases and nearly 10.0 million 

cancer deaths worldwide (Sung, 2021). As the aging population grows, cancer incidence is likely 

to increase. Although radiation therapy (RT) is often overshadowed by systemic therapies in the 

media, RT plays a crucial role in the treatment of cancer. It is estimated that 40% of patients who 

are cured of cancer will receive RT as part of their treatment plan, and 50% of patients suffering 

from cancer will undergo RT at some point during treatment (Thompson et al., 2018). Despite 

this, clinical trials focused on the optimization of RT accounted for only 5.3% of oncology trials 

registered in ClinicalTrials.gov between June 1, 2007, and May 8, 2017 (Liu et al., 2018).  

Radiation oncology clinical trials contribute to the knowledge and existing literature, 

allowing practitioners to determine if new treatment protocols are safe and effective. As 

previously mentioned, the rising cost and complexity of conducting clinical research puts a strain 

on advancement in medical practice, since evidence-based treatments rely on the results of 
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published clinical investigations. Moreover, RT studies often seek to evaluate primary endpoints 

such as progression-free survival and overall survival, further increasing the length and expense 

of a trial. Nevertheless, timely implementation of innovative treatments has the potential to 

improve quality of life for those with cancer. As a result, it is imperative that clinical research 

within the field of radiation oncology can be conducted efficiently while also producing high-

quality data. Formal assessment of the first QI initiative in data tracking within the radiation 

oncology clinical research office at UT Southwestern Medical Center will provide the 

administrative team with meaningful feedback for future continuous QI measurements that 

provide targeted support in minimizing the barriers in CRC study management workflow that 

impact data quality and trial efficiency. 

 

MATERIALS AND METHODS 

  

The first step of this quality improvement project was to build out the data tracking 

application using Quickbase software. The intern conducting this study met with the clinical 

research manager to determine the practical design and functional goals of the application after 

several weeks of training with the department technology support specialist to learn how to build 

Quickbase applications, and basic coding functions. After the planning phase, the intern built out 

the Clinical Research Office Data Tracker application with the assistance of a Quickbase Senior 

Solutions Consultant. Once fully functional, the application was reviewed with the clinical 

research manager for feedback purposes and approval. 

 The data-tracking application consists of a Data Summary table that compiles the data 

performance metrics from all studies currently being tracked and individual tables that are used 
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to track each study. Individual tables were customized based off their protocol-specific time and 

events tables, while also maintaining a standardized data tracking workflow across studies within 

the application. Each row within the tracker displays data information for a single study subject. 

Columns in the table include fields for study subject identifier details, the dates for each visit, 

and ³9LVLW�&RPSOHWH´�ILHOGV�DIWHU�HDFK�YLVLW�GDWH�WKDW�LQGLFDWH�ZKHWKHU�WKH�GDWD�IRU�WKDW�YLVLW�LV�

properly documented. For visits that had already occurred, if the data is complete and error-free, 

WKH�DVVRFLDWHG�³&RPSOHWH´�ILHOG�VKRZV�D�JUHHQ�ER[�ZLWK�WKH�WH[W�³&RPSOHWH´�RQ�LW��,I�D�YLVLW�

occurred and data is not yet complete and error-IUHH��WKHQ�WKH�DVVRFLDWHG�³&RPSOHWH´�ILHOG�ZRXOG�

show a red box with the text indicating the number of days the data is overdue, an auto-populated 

value based on the provided vLVLW�GDWH��)RU�YLVLWV�WKDW�KDYH�QRW�\HW�RFFXUUHG��WKH�³&RPSOHWH´�ILHOG�

is blank, so as not to be included in the data performance metrics. Summary columns include a 

³&RPPHQWV´�ILHOG��LQ�ZKLFK�WKH�XVHU�FDQ�SURYLGH�VSHFLILFV�DERXW�DQ\�QRQ-compliant case report 

forms (CRFs) OHDGLQJ�WR�LQFRPSOHWH�HUURQHRXV�GDWD��DV�ZHOO�DV�D�³3HUFHQW�&RPSOHWHG´�ILHOG�WKDW�

calculates the proportion of visits that have been documented to completion without error for 

each visit. The Data Summary table displays the raw values of complete and incomplete visits, 

the percentage of visits complete for all studies being tracked, as well as totals and averages to 

shed light on overall performance metrics amongst all tracked studies. Data tracking was 

completed by the intern and administrative coordinators who supervise and support the CRCs. 

Only administrative roles had access to viewing and editing the Data Tracker application. 

 Data from the following radiation oncology clinical trials were tracked during this quality 

improvement study: 

1. GammaPod 5 Fraction is a Phase II, single arm multi-center clinical trial seeking to 

evaluate 5 fraction stereotactic partial breast irradiation therapy (S-PBI) for early-stage 



 10 

breast cancer using the GammaPod machine. The GammaPod is a novel external beam 

radiotherapy device designed specifically for the treatment of breast cancer that delivers 

highly focused ablative doses of stereotactic radiotherapy to immobilized breast tissue 

using a vacuum-assisted breast cup built into the stereotactic frame (Yu et. al., 2013). The 

study sample population consists of 70 subjects newly diagnosed with stage 0-2 breast 

cancer who recently underwent a partial mastectomy. Sixty-one of the patients are 

enrolled at UTSW, and nine are enrolled at the University of Maryland Medical Center. 

The primary objectives of the study will evaluate patient cosmesis assessment data. The 

secondary objectives of the study will evaluate cosmesis data from serial photography 

using BCCT.core proprietary software, and toxicity data extracted from patient AE logs. 

The tertiary endpoint of the study will assess Health Related Quality of Life (HRQoL) 

and general Quality of Life (QoL) using two different questionnaires. Data for each 

subject is collected by the CRC at the time of enrollment, end of treatment, and during 7 

standard-of-care follow up visits over the course of 5 years (within 90-days, 6 months, 12 

months, 24 months, 36 months, 48 months, and 60 months). For this study, data 

compliance was only assessed on the data collected from study subjects enrolled at 

UTSW. 

2. Oligo-Met is a Phase II single-arm open label single-center clinical trial seeking to 

evaluate if stereotactic ablative body radiation (SAbR) can prolong progression-free 

survival (PFS) for patients with newly diagnosed limited metastatic renal cell carcinoma, 

compared to a historical control of patients treated with systemic therapy (Pazopanib). 

The study has accrued its target number of 23 subjects and is currently closed to 

enrollment. The primary objective of the study will evaluate the delay in time to start of 
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systemic therapy, a surrogate of PFS. Progression, which will trigger the start of systemic 

therapy, will be evaluated using tumor assessment data. The secondary objectives of the 

study will evaluate 10 different metrics, using the data collected from physical 

examination, tumor assessments, toxicity data extracted from patient AE logs, and 

HRQoL questionnaires. Data for each subject is collected by the CRC over a 42-month 

period at the time of enrollment and every 8-12 weeks after the last day of SAbR 

treatment, for a total of 13 follow-up visits, unless a patient demonstrates progression and 

begins systemic therapy, at which they have met the endpoint of the study.  

 

During this quality improvement study, all current data from each trial were evaluated at 

three different timepoints. The first iteration of data tracking was done to determine the baseline 

rates of data non-compliance. Following baseline assessment, the clinical research manager and 

administrative study coordinators met with trial coordinators to discuss the findings and create a 

plan of action to support coordinators in addressing the non-compliance. Additionally, the 

Quickbase Data Summary table was presented in monthly Radiation Oncology Safety 

Assessment Committee (ROSAC) meetings to introduce and update the department on the 

quality improvement project and provide transparency of data performance metrics. 

Approximately one-month (1M) and three-months (3M) after implementation of the data 

tracker, all current data was evaluated, and data trackers were updated to reflect the changes in 

data compliance. Clinical research staff involved in collecting data for these trials were not 

informed of when these evaluations were taking place to minimize any intrinsic bias that may 

impact data collection performance. For example, if a research staff knew that data from their 

study would be evaluated in three days, they may spend the next two workdays solely on 
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catching up on data from the last month, providing an inaccurate representation of data 

management within the department.  

To determine the impact of a standardized Quickbase data-tracking management tool on 

data-compliance, information was extracted from the data trackers at each timepoint. For each 

study, all instances of incomplete or erroneous CRFs reported in the data tracker comments field 

were recorded as non-compliant data. The total number of non-compliant and compliant CRFs 

were recorded for each study at each time point of data evaluation. Percentage values for non-

compliant and compliant CRFs were also calculated by dividing the total respective number of 

non-compliant CRF or compliant CRF data by the total number of CRFs for that timepoint.  

Non-compliant data was further characterized and labeled into 7 broad categories:  

1. Missing primary endpoint data 

2. Missing secondary endpoint data 

3. Missing exploratory endpoint data (if applicable, per trial) 

4. Missing data unrelated to endpoints, but still required per protocol 

5. Missing deviation documentation 

6. Missing source documentation 

7. Clerical error (defined as random human errors in transcription of data onto 

eCRF) 

Study specific subcategories were created for each study to more specifically address the type of 

PLVVLQJ�GDWD�UHODWHG�WR�HDFK�VWXG\¶V�VSHFLILF�SULPDU\��VHFRQGDU\�DQG�exploratory endpoints, when 

different types of data were being assessed. For GammaPod 5 fraction, primary endpoint data 

was further characterized into cosmesis data, secondary endpoint data was characterized as being 

related to either serial photo cosmesis, or toxicity data, and exploratory endpoint data was 
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characterized as HRQol/QoL data. For Oligo-Met, primary endpoint data was further 

characterized as tumor assessment data, and secondary endpoint data was characterized as being 

related to HRQoL, toxicity, or physical exam data. Totals for each category/subcategory of data 

non-compliance were recorded for each study at each time point of data evaluation to better 

understand the barriers in data management workflow. Percentage values were also calculated by 

dividing the total of each category/subcategory by the total number of non-compliant data for 

that timepoint.  

 

RESULTS 

GammaPod 5 Fraction Data Compliance 

At baseline evaluation, GammaPod 5 Fraction had a total of 1503 CRFs. Of those, 531 

CRFs were discovered to be non-compliant, comprising 35.33% of CRFs. One month following 

implementation of the data tracker, data was evaluated again. Thirty-three additional CRFs were 

collected from six study visits, bringing the total number of CRFs in the data set to 1536. The 

number of non-compliant CRFs decreased to 261, comprising 16.99% of the total data set. This 

change constituted a 51.84% decrease in rate of non-compliance. At the final data evaluation 

three months after data tracker implementation, it was noted that an additional 16 study visits had 

occurred, bringing the total number of CRFs in the data set to 1627. At this timepoint, the 

number of non-compliant CRFs increased by 8.8% to 284, which made up 17.46% of the total 

data set (Table 1).  

A &2 test of independence was conducted to determine whether there was a statistical 

difference in rates of data non-compliance across the three timepoints. The result yielded a &2 

value of 188.2, 2 d.f., and a p-value of <0.001, demonstrating a statistically significant difference 
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in rates of data non-compliance. Post-hoc tests consisting of pairwise comparisons with 

Bonferroni corrections were conducted to investigate these findings further. The Bonferroni 

adjusted p-value needed for significance was 0.5/3, or 0.0167. The p-value for the pairwise 

comparison between baseline and one-month post-data tracker implementation was <0.001, 

indicating a statistically significant decrease in rate of data-noncompliance following the initial 

implementation of the data tracking tool. The p-value for the pairwise comparison between one-

month post-data tracker implementation and three-month post-data tracker implementation was 

0.73, indicating no statistically significant difference in rate of data-noncompliance after 

prolonged implementation of the data tracking tool (Figure 1).   

Oligo-Met Data Compliance 

Oligo-Met had a total of 1399 CRFs at baseline evaluation. At this timepoint, 212, or 

15.15%, of the total CRFs were non-compliant. One month after implementation of the data 

tracker, 57 CRFs were collected from eight additional study visits, bringing the total number of 

CRFs in the data set to 1456. The number of non-compliant CRFs decreased to 149, comprising 

10.23% of the total data set. This change constituted a 29.72% decrease in rate of non-

compliance. Three months after data tracker implementation, an additional five study visits had 

occurred, increasing the number of CRFs by 42, bringing the total number of CRFs in the data 

set to 1498. At this timepoint, the number of non-compliant CRFs decreased to 41, which made 

up only 2.74% of the total data set (Table 2). This change constituted a 72.48% decrease in rate 

of non-compliance.  

A &2 test of independence was conducted to determine whether there was a statistical 

difference in rates of data non-compliance across the three timepoints. The result yielded a &2 

value of 135.66, 2 d.f., and a p-value of <0.001, demonstrating a statistically significant 
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difference in rates of data non-compliance. Post-hoc tests consisting of pairwise comparisons 

with Bonferroni corrections were conducted to investigate these findings further. The Bonferroni 

adjusted p-value needed for significance was 0.0167. The p-value for the pairwise comparison 

between baseline and one-month post-data tracker implementation was <0.001, indicating a 

statistically significant decrease in rate of data-noncompliance following the initial 

implementation of the data tracking tool. The p-value for the pairwise comparison between one-

month post-data tracker implementation and three-month post-data tracker implementation was 

<0.001, indicating a statistically significant decrease in rate of data-noncompliance after 

prolonged implementation of the data tracking tool as well (Figure 2).  

Overall Data Compliance 

To determine whether there was an overall statistical difference in rates of data non-

compliance, the individual findings on data compliance from both studies under observation 

were compiled into a set of overall data compliance performance metrics, as shown in Table 3. A 

&2 test of independence was conducted to determine whether there was a statistical difference in 

the overall rates of data non-compliance across the three timepoints. The result yielded a &2 

value of 277.36, 2 d.f., and a p-value of <0.001, demonstrating a statistically significant 

difference in overall rates of data non-compliance. Post-hoc tests consisting of pairwise 

comparisons with Bonferroni corrections were conducted to investigate these findings further. 

The Bonferroni adjusted p-value needed for significance was 0.0167. The p-value for the 

pairwise comparison between baseline and one-month post-data tracker implementation was 

<0.001, indicating a statistically significant decrease in rate of data non-compliance following 

the initial implementation of the data-tracking tool. The p-value for the pairwise comparison 

between one-month post-data tracker implementation and three-month post-data tracker 



 16 

implementation was <0.001 indicating a statistically significant decrease in overall rate of data 

non-compliance after prolonged implementation of the data tracking tool (Figure 3).  

GammaPod 5 Fraction Trends in Data Non-compliance 

Another goal of this study was to better understand the current barriers in data 

management workflow. Table 4 and Figure 4 summarize the trends in data non-compliance 

within the GammaPod 5 Fraction data set at each point of evaluation. At baseline, nearly 31% of 

non-compliance directly impacted primary and secondary endpoints (Figure 5). Although the 

greatest proportion of non-compliance came from data unrelated to the endpoints, it underscores 

the gravity of good documentation practices in not only ensuring high quality data for analysis, 

but also ensuring patient safety. One month into implementation of the data tracker, nearly every 

single category of data noncompliance showed a marked decrease, except for non-compliant data 

related to missing deviation documentations (Figure 4). The highest proportion of non-

compliance observed at this timepoint came from data related to toxicity, accounting for 27.2% 

of non-compliance (Figure 6). At the final timepoint of data evaluation, there was an increase in 

most of data non-compliance categories (Figure 4). This is likely a reflection of the absence of a 

primary coordinator running the study. While some efforts were made to reduce non-compliance, 

as evidence by the decrease in missing deviation documentation and clerical errors, they were 

ultimately overshadowed by the influx of subject visits that occurred and were likely not yet 

documented in a timely manner. Data non-compliance related to toxicity continued to make up 

the highest proportion of non-compliance, emphasizing the growing burden that comes with poor 

documentation of AE logs (Figure 7). 
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Oligo-Met Trends in Data Non-compliance 

Table 5 and Figure 8 summarize the trends in data non-compliance within the Oligo-Met 

data set at each point of evaluation. At baseline, the greatest proportion of non-compliance came 

from missing deviation documentation, accounting for nearly 41% of non-compliance (Figure 9). 

The second largest category of non-compliance was missing source documentation. Although 

clinical research staff within the department are no longer required to upload source 

documentation from electronic medical records stored in Epic, proper documentation of dates in 

which procedures such as imaging and lab work do still need to be provided to determine which 

imaging report within Epic is the referenced in a particular CRF. One month into implementation 

of the data tracker, large decreases in non-compliance related to missing deviation and source 

documentation were observed (Figure 8). This provides insight into the value of targeted support 

that comes from the standardized assessment of data through a data tracking management tool. 

Being able to pinpoint weaknesses in data collection allows clinical staff the opportunity to focus 

their growth where it will be most valuable. However, it must be noted that at this time point, we 

also saw an increase in non-compliance related to the primary and secondary endpoints of the 

study, including data related to toxicity, HRQoL questionnaires, and physical exams (Figure 10). 

This increase likely represents unentered data from the eight additional study visits that occurred 

during this period. These trends highlight the importance of timely documentation. If staff 

struggle to keep up with current data while trying to clean up past non-compliance, in time they 

may end up accumulating even more non-compliant data, continuing the cycle of poor 

documentation practices. This marks a point of strain in any clinical research office and 

demonstrates a need for continued data management support, despite evidence of a statistically 

significant decrease in overall non-compliance. At the final timepoint of data evaluation, 
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decreases in all categories of non-compliance were observed. The greatest proportion of non-

compliance came from data related to tumor assessments, making up 41% of non-compliance. 

Tumor assessment evaluated at this time point were either not yet completed by the physician or 

not yet signed by the PI, and therefore could not be documented appropriately.  
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Table 1. The Impact of a Standardized Quickbase Data-Tracking Management Tool on Data 

Compliance in the GammaPod 5 Fraction Clinical Trial 

 

 

 

Table 2. The Impact of a Standardized Quickbase Data-Tracking Management Tool on Data 

Compliance in the Oligo-Met Clinical Trial 

 

  Baseline (n=1399) 
1M post-data tracker 
implementation (n=1456) 

3M post-data tracker 
implementation (n=1498) 

Non-Compliant CRFs  212 (15.5%) 149 (10.23%) 41 (2.74%) 
Compliant CRFs  1187 (84.85%) 1307 (89.77%) 1457 (97.26%) 

 

 

Table 3. The Overall Impact of a Standardized Quickbase Data-Tracking Management Tool on 

Data Compliance  

 

  Baseline (n=2902) 
1M post-data tracker 
implementation (n=2992) 

3M post-data tracker 
implementation (n=3125) 

Non-Compliant CRFs  743 (25.60%) 410 (13.70%) 325 (10.40%) 
Compliant CRFs  2159 (74.40%) 2582 (86.30%) 2800 (89.6%) 

 

  

  Baseline (n=1503) 
1M post-data tracker 
implementation (n=1536) 

3M post-data tracker 
implementation (n=1627) 

Non-Compliant CRFs  531 (35.33%) 261 (16.99%) 284 (17.46%) 

Compliant CRFs  972 (64.67%) 1275 (83.01%) 1343 (82.54%) 
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Table 4. Trends in Non-Compliance within the GammaPod 5 Fraction Clinical Trial 

 

 

  

  
Baseline 
(n=531) 

1M Post-Data Tracker 
Implementation (n=261) 

3M Post-Data Tracker 
Implementation (n=284) 

Missing 1q Endpoint ± Cosmesis 
39 (7.34%) 14 (5.36%) 24 (8.45%) 

Missing 2q  
Endpoint   

Toxicity 
109 (20.53%) 71 (27.2%) 78 (27.46%) 

Serial photo 
cosmesis 15 (2.82%) 8 (3.07%) 17 (5.99%) 

Missing Exploratory Endpoint ± 
HRQoL/QoL 57 (10.73%) 16 (6.13%) 29 (10.21%) 
Missing Data Unrelated to 
Endpoint 121 (22.79%) 27 (10.34%) 35 (12.32%) 

Missing Deviation Documentation 
60 (11.3%) 59 (22.61%) 46 (16.02%) 

Missing Source Documentation 
23 (4.33%) 5 (1.92%) 5 (1.76%) 

Clerical Error  
107 (20.15%) 61 (23.37%) 50 (17.61%) 
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Table 5. Trends in Non-Compliance within in the Oligo-Met Clinical Trial 

 

  Baseline (n=212) 
1M Post-Data Tracker 
Implementation (n=149) 

3M Post-Data Tracker 
Implementation (n=41) 

Missing 1q Endpoint ± Tumor 
Assessment 26 (12.26%) 21 (14.09%) 18 (43.9%) 

Missing 2q 
Endpoint  

Toxicity 3 (1.42%) 9 (6.04%) 6 (14.63%) 

HRQoL 21 (9.91%) 30 (20.13%) 7 (17.7%) 
Physical 
Exam 0 (0%) 28 (18.79%) 0 (0%) 

Missing Deviation Documentation 86 (40.57%) 29 (19.46%) 1 (2.44%) 

Missing Source Documentation  67 (31.60%) 30 (20.13%) 9 (21.95%) 

Clerical Error 9 (4.25%) 2 (1.34%) 0 (0%) 
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Figure 1. Comparison of Data Non-Compliance Rates in GammaPod 5 Fraction following 

implementation of the standardized data tracking management tool 

 

 

 

*1 &2 = 188.2, d.f. = 2, p-value of <0.001 

*2 &2 = 132.56, d.f. = 1, p-value of <0.001 
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Figure 2. Comparison of Data Non-Compliance Rates in Oligo-Met following implementation of 

the standardized data tracking management tool  

 

 

 

*1 &2 = 135.66, d.f. = 2, p-value of <0.001 

*2 &2 = 15.64, d.f. = 1, p-value of <0.001 

*3 &2 = 68.95, d.f. = 1, p-value of <0.001 
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Figure 3. Comparison of Overall Data Non-Compliance Rates following implementation of the 

standardized data tracking management tool 

 

 

 

*1 &2 = 277.36, d.f. = 2, p-value of <0.001 

*2 &2 = 132.57, d.f. = 1, p-value of <0.001 

*3 &2 = 15.78, d.f. = 1, p-value of <0.001 
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Figure 4. Trends in Non-Compliance in the GammaPod 5 Fraction Clinical Trial 
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Figure 5. Characterization of Non-Compliance in GammaPod 5 Fraction Data at Baseline 
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Figure 6. Characterization of Non-Compliance in GammaPod 5 Fraction Data 1M after data 

tracker implementation  
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Figure 7. Characterization of Non-Compliance in GammaPod 5 Fraction Data 3M after data 

tracker implementation  
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Figure 8. Trends in Non-Compliance in the Oligo-Met Clinical Trial 
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Figure 9. Characterization of Non-Compliance in Oligo-Met Data at Baseline 
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Figure 10. Characterization of Non-Compliance in Oligo-Met Data 1M after data tracker 

implementation  
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Figure 11. Characterization of Data Non-Compliance in Oligo-Met Data 3M after data tracker 

implementation  
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DISCUSSION 

Advocates for a more holistic approach to monitoring and data management point out 

that traditionally, clinical research staff and Quality Assurance (QA) departments function in 

isolation from one another, hindering the full integration of QA practices into the daily running 

of a study from start-up to close-out (Ansmann et al., 2013). As a result, non-compliant data 

grows in-between QA checks, and with it, the stress of overburdened CRCs compensating with 

rushed data cleaning practices come time for preparation of the next monitoring event or audit. 

With limited oversight and management support, the cycle of non-compliance and poor-quality 

data persists, evident in the high rates of baseline non-compliance exhibited in the two trials 

evaluated in this study. Implementation of the standardized Quickbase data tracking management 

tool in this study significantly decreased rates of non-compliance, suggesting that incorporating 

supportive oversight measures with a preventative mindset can positively impact quality of data.  

Despite this positive overall outcome, it is necessary to acknowledge the increase in non-

compliance exhibited at the final data check for the GammaPod 5 fraction study, shortly after the 

loss of study coordinator due to job turnover. In a recent study evaluating the conduct of 

oncology clinical research, results from a survey sent to cancer center clinical research offices 

across the country revealed the median number of full-time positions brought into the department 

over a one-year period was 22, while the median number of vacant positions was 6.5 (Lee et al., 

2020). This data suggests a detrimental domino effect in which the loss of one staff member 

pushes extra duties and responsibilities onto others, making them more likely to leave their 

positions as well due to increased burnout and job dissatisfaction. Considering the invaluable 

role CRCs play in the success of a clinical trial, strategies to build a culture that supports and 

rewards their work is crucial. The impact of turnover goes beyond the efficiency of one study, 
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affecting workflow of an entire clinical research office, posing significant financial burdens as 

well (Mascaro et al., 2021). 

Furthermore, characterizing the trends in non-compliance revealed patterns in 

documentation practices and study staff workflow that provide important insight for future 

improvements within the department. Consistent with the results from a previous study that 

assessed the potential for prevention and earlier detection of monitoring findings, most of the 

non-compliance evaluated during this practicum project could have theoretically been prevented 

through feasible changes to trial processes (Cragg et al., 2021). The 2018 CTTI ten-year review 

report highlights common themes across CTTI project recommendations and provides the 

framework in which this study proposes preventative measures to fDFLOLWDWH�IXWXUH�³4XDOLW\�E\�

'HVLJQ´�LPSURYHPHQW�LQLWLDWLYHV within the clinical research office. 

The fact that the two studies examined presented varying degrees of baseline non-

compliance overall and across categories indicates differences in study design that impact data 

quality. For instance, HRQoL/QoL survey non-compliance was consistently higher in the 

GammaPod 5 Fraction study compared to Oligo-Met. This was not surprising, considering 

genitourinary studies have implemented the administration of HRQoL/QoL surveys through 

(3,&¶V�0\&KDUW�SDWLHQW�SRUWDO��ZKHUHDV�EUHDVW�VWXGLHV�VWLOO�DGPLQLVWHU�WKHVH�VXUYH\V�WR�VXEMHFWV�

using paper documents. As a result, breast CRCs must keep track of inefficient and outdated 

paper documents that can easily get misplaced, delaying data entry with the possibility of losing 

the data altogether. On the other hand, electronic administration of surveys through the patient 

portal keeps data secure and allows patients can complete the form at their own convenience, 

eliminating the possibility of lost data. The use of technology has the power to streamline data 
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collection, increasing the efficiency and quality of clinical trials when integrated in a way that is 

user-friendly for all (Tenaerts et al., 2018).  

Similarly, using technology to extract data from electronic medical records could 

streamline the data collection process and prevent the high non-compliance rates exhibited in 

GammaPod 5 Fraction data unrelated to endpoints, and Oligo-Met source documentation, which 

can be tedious and time-consuming to manually extract from the source. While not directly 

LPSDFWLQJ�WKH�LQWHJULW\�RI�WKH�VWXG\¶V�ILQGLQJV��this type of data is collected from treatment visits 

to document that study procedures have been administered to the subject per protocol, ensuring 

the rights and safety of study subjects. Successful data extraction across various sources has been 

implemented successfully in Xcellerate, a clinical research data management application suite 

developed by Labcorps in 2019 (Farnum et al., 2019).  

Other preventative measures that should be considered to build quality into design stem 

from the CTTI recommendation to eliminate non-value added practices (Tenaerts et al., 2018). 

The results of this study revealed consistently higher rates of toxicity data non-compliance in the 

GammaPod 5 Fraction study compared to Oligo-Met. Once again, this highlights a strength in 

Oligo-Met study design, particularly regarding CRF design. Although the goal of the Toxicity 

CRFs were the same for both studies (to document any new adverse events reported by the study 

subject), the GammaPod 5 Fraction CRF required the CRC to enter far more details into the form 

than the Oligo-Met CRF. CTTIs Quality by Design process encourages clinical trial stakeholders 

to critically consider all activities within a study and determine whether any non-essential 

processes may be eliminated to simplify study management and redistribute staff resources to 

more essential tasks (Tenaerts et al., 2018).  
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Upon closer inspection of the GammaPod 5 Fraction missing toxicity data, it became 

clear that a large portion of AE logs were not consistently updated by the CRC. Logs should be 

XSGDWHG�UHJXODUO\�E\�WKH�&5&�WKURXJKRXW�D�VXEMHFW¶V�WLPH�RQ�D�VWXG\��&RXSOHG�ZLWK�WKH�IDFW�WKDW�

AE logs require PI signatures after every subject visit, the process of AE log documentation can 

create barriers in study workflow, especially if a CRC fails to document in a timely manner, 

causing a backlog that may contribute to the previously mentioned problem of staff turnover and 

burnout.  However, the most concerning factor in poor AE documentation practices is the lack of 

regard for patient safety. This finding should ignite discussion on the how to prevent the most 

critical issues (i.e. errors that impact the rights and well-being of study subjects), such as targeted 

training that reinforces the adherence to such essential tasks (Tenaerts et al., 2018). 

Data review of both studies showed an accumulation of missing deviation documentation. 

Looking further into the reasons for deviations showed patterns that ought to trigger discussion 

on systematic issues within trial processes and protocol design. For example, a majority of 

Oligo-Met deviations were due to COVID-19 pandemic-related telehealth visits that impacted 

the ability to conduct the required physical exam and retrieve vital signs required per protocol 

and CRF documentation. With the rise in technology and recent shift to virtual medicine amidst 

the pandemic, telehealth visits are becoming common standard-of-care follow-up procedures. 

However, in the case of Oligo-Met, telehealth medicine is not currently permitted per protocol. 

Thus, the accumulation of deviations since March 2020 has increased the workloads of many 

CRCs operating under inflexible protocol procedures, yet the positive effects on subject safety 

and data integrity are minimal at best. Through enhanced targeted oversight and review of study 

data, patterns in study deviation like this should trigger timely discussion and consideration of 

simple yet powerful protocol amendments that allow for flexibility in study procedures, when the 
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well-being of study subjects and quality of endpoint data can still be maintained (Meeker-

2¶&RQQHOO�et al., 2016).   

 One final observation of bottlenecks in the workflow of CRC data management practices 

was seen in the consistent number of incomplete Oligo-Met tumor assessment CRFs throughout 

the duration of this study. To support data collection in community-based trials, Lockery et al. 

implemented the Web Accessible Relational Database (AWARD) data management application. 

The application was successful, supporting the ASPrin in Reducing Events in the Elderly 

(ASPREE) trial in reaching 96.6% data completion and accuracy, with the remaining 3.4% of 

data missing (Lockery et al., 2019). One of the most common reasons for missing ASPREE data 

was the failure of a third party to provide the requested data such as lab values to the CRC 

(Lockery et al., 2019). This suggests that even with the support of technology in data collection, 

and high levels of data compliance, there are aspects of documentation that are ultimately out of 

D�&5&¶V�FRQWURO��,Q�WKH�FDVH�RI�WKH�2OLJR-Met study, missing tumor assessment data arose from 

physician and resident failure to complete tumor measurements and determine Response 

Evaluation Criteria in Solid Tumors (RECIST) in a timely manner. This touches on one of the 

most valuable recommendations in the CTTI Quality by Design approach to improving clinical 

trial efficiency and quality: the importance of engaging all stakeholders (Tenaerts et al., 2018). 

The success of a clinical trial does not rest on one single individual or entity, but the collective 

and coordinated effort at every level of patient care and study management.  
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SUMMARY AND CONCLUSIONS 

 

While substantial research has been done to evaluate monitoring practices and statistical 

methods that mitigate poor data management practices, few efforts have been made to assess 

systems and process that prevent non-compliance from occurring in the first place (Klatte et al., 

2021; Morrison et al., 2011; Kang, 2013 & Little et al., 2012). This quality improvement project 

was the first of its kind to formally examine data management trends and practices within the 

Radiation Oncology Clinical Research Office at UT Southwestern Medical Center. The results 

provide positive feedback regarding the implementation of a standardized Quickbase data-

tracking management tool and its ability to improve data compliance by decreasing the overall 

rate of non-compliance from 25.6% to 10.4%. Furthermore, characterization of non-compliant 

data illuminates pressure points in data management workflow that can aid future administrative 

goals and QI initiatives in addressing the root cause of non-compliance, shifting clinical trial 

management within the clinical research office from its current reactive state to a more proactive 

data-driven approach.  

Continued efforts to shift this perspective not only improve data efficiency and reliability 

but can positively impact the financial health of research centers as well. The average cost of 

alleviating data non-compliance is difficult to define considering it likely varies by context and 

study complexity, though literature has estimated the handing of a single query to cost $100, 

with an average of about 2-3 queries per CRF (Eisenstein et al., 2005). According to these 

figures, baseline non-compliance exhibited only in CRFs directly tied to study endpoint data 

analysis produced between 540 and 810 total queries, costing the study as much as $81,000 to 

fully resolve. As previously discussed, the current reactive nature of data oversight permits the 
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repetition of the same issues in data documentation even though most of these issues can be 

prevented through feasible changes to trial processes (Ansmann et al., 2013, Cragg et al., 2021). 

Thus, the incentive for purposeful prospective approaches to clinical trial management that 

integrate quality into design is higher now more than ever. 

While the overall purpose of this study was to improve data productivity metrics, another 

equally critical goal was to facilitate future initiatives that improve efficiency and quality of 

radiation oncology clinical trials. It is hoped that by stimulating discussion amongst various 

stakeholders and promoting a cultural shift within the clinical research office, this goal will soon 

be achieved. 

Limitations 

  One major limitation of this study was the small sample of data examined.  The data that 

was tracked throughout this study came from two currently active investigations, which may not 

be representative of all 80 studies that are currently being managed within the Radiation 

Oncology Clinical Research Office. To try to control for this, the two trials were selected from 

different disease-oriented teams, had widely different numbers of patients enrolled, and assessed 

different types of primary and secondary endpoints, to represent as much variety as possible in 

study design and complexity. Furthermore, the studies under observation are currently under the 

primary management of 2 different CRCs, with multiple CRCs having managed the studies since 

their inception due to workplace turnover. The workflow, workload, and personal circumstances 

of each individual CRC likely impacted data integrity in varying positive and negative ways that 

could not be assessed nor controlled for. Additionally, it should be noted that this study analyzed 

data collected during the COVID-19 pandemic. It is highly likely that the world-wide pandemic 

impacted study workflow, creating significant barriers to data compliance as clinical research 
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staff attempted virtual study visits with subjects while working from home without office 

resources amidst high anxiety and low morale.  

Future Research 

Continued widespread use of the Quickbase data-tracking management tool should be 

implemented into the management of other types of studies within the department, and to all new 

studies to get a more comprehensive idea of its long-term impact. Additionally, the tracking tool 

should be used as a real-time oversight measure for all new studies as they open to enrollment to 

better understand its impact as a preventative tool.  

Future work should consider evaluating how tools like the one assessed in this QI 

initiative can impact monitoring reports, formal audit findings, and aid in the development of 

more relevant and meaningful corrective and preventative action (CAPA) plans. Formal case 

studies evaluating the impact of the preventative measurements proposed in the discussion 

section of this paper may provide insights into best practices that can aid in directing continuous 

improvement initiatives within the department. 

Academic research centers, like the one this internship practicum took place at, engage in 

both industry- and investigator-initiated trials that rely on a variety of sources to acquire and 

maintain data. In this context, implementation of a standardized management system that can 

function across sources has the potential to enhance the function of large academic research 

institutes. A recent pilot study on management applications such as the one described in this 

study with enhanced automation has shown initial promise in supporting clinical research teams 

by providing comprehensive productivity, quality and compliance metrics while also improving 

employee engagement and retention within an industry that historically struggles with high 

turnover rate (Farnum et al., 2019). Continued research from a technology and software 
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engineering standpoint should be considered to incorporate methods of automation into the 

Quickbase data-tracker application assessed in this study. 

In conclusion, there are many directions that future work can go, and it can be a challenge 

to determine where to begin. While small continuous efforts towards positive change may feel 

insignificant at first, they can have transformative impact on the quality of clinical trials over 

time and are most effective when all stakeholders are involved in the process.  
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CHAPTER III 

INTERNSHIP SITE 

 

 This clinical research practicum was completed during a nine-month long internship at 

the University of Texas Southwestern (UTSW) Medical Center Radiation Oncology Clinical 

Research Office, under the site mentorship of Kajal Desai, MPA, Assistant Vice President of 

Radiation Oncology Services, and Sarah Neufeld, MS, MBA, Clinical Research Manager of 

Radiation Oncology.  

 Founded in 1943, the UTSW Medical Center has become one of the premier academic 

medical centers in the nation (³$ERXW�8V´). The mission of UT Southwestern is to promote 

health and a health society that enables the achievement of full human potential through efforts 

in education, discovery, and healing (³Mission, Values & History´). The UTSW Department of 

Radiation Oncology was founded in 2003 and is recognized as one of the most comprehensive 

radiotherapy treatment centers in the world, providing care to approximately 200 patients each 

day while also conducting research in clinical radiation oncology, medical physics and 

engineering, and molecular radiation biology (³Radiation Oncology: Who We Are´).  Recent 

expansion of the department has created additional opportunities in adaptive radiation treatment 

and research efforts, opening doors to the provision of truly personalized radiation therapy to 

patients with cancer.   
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JOURNAL SUMMARY 
 

  In addition to conducting my practicum project, my time as an intern was spent assisting 

staff in the Radiation Oncology Clinical Research Office at UT Southwestern Medical Center in 

daily management tasks, attending monthly departmental meetings, and shadowing various roles 

within the office.  

a. Management tasks 

I played an integral role across disease-oriented teams in the administrative efforts to roll-out 

the new Quickbase clinical research management platform. I worked with Sarah Neufeld, my site 

mentor, and Meagan McOlin, our department technology support specialist, to develop patient 

trackers for all active clinical trials, and continued to update and enhance the trackers throughout 

my time as an intern. Shortly after the design and implementation of the patient trackers, we 

developed the data trackers used for the practicum project. I spent time educating and training 

staff members on navigating the Quickbase patient and data-tracking platforms. Other 

administrative tasks that I helped perform included the maintenance of study binders and storage 

files and data clean-up efforts within breast and lung trials. 

b. Departmental meetings 

Along with monthly clinical research office meetings and weekly disease-oriented team 

meetings, I attended two monthly Radiation Oncology departmental meetings. The Radiation 

Oncology Safety Assessment Committee (ROSAC) meeting was in attendance by the department 

physicians, physicists, dosimetrists, nurse practitioners, physician assistants, resident physicians, 

and the entire clinical research office staff. At ROSAC, current trial data benchmarks, patient 

accrual and upcoming trials summaries were reviewed. The Data Safety Monitoring Committee 

Serious Adverse Event (DSMC SAE) meeting occurs on the last Tuesday of every month. At 
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least three physicians and the entire clinical research office staff attended the meeting. Radiation 

Oncology DSMC Head Dr. Asal Rahimi led the review of all SAEs submitted by CRCs in the 

past month. In these meetings, I enjoyed witnessing the collaboration between all clinical 

research stakeholders and the supportive culture of feedback within the department. 

c. Shadowing  

During my internship, I had the opportunity to shadow all roles within our department and 

across disease-oriented teams. While shadowing CRCs, I had the opportunity to observe patient 

treatment and follow-up visits for a variety of cancers including non-small cell lung cancer, 

breast cancer, rectal cancer, prostate cancer, oropharyngeal cancer, and brain cancer. I learned 

more about the various study procedures a CRC conducts daily in clinic, including engaging with 

patients in the informed consent process, conducting quality of life surveys and assessing adverse 

events. These experiences showed me the various ways CRCs build comfortable and supportive 

relationships with study participants throughout on-treatment and follow-up visits. In the office, I 

shadowed Clinical Data Specialists (CDS)who helped me gain familiarity with the multitude of 

databases the department uses to collect and store data for industry-sponsored studies and 

investigator-initiated studies. Additionally, shadowing CDS colleagues exposed me to important 

processes for clinical trial reporting on ClinicalTrials.gov. I also spent time shadowing QA to 

learn more about monitoring practices within the department. Lastly, I shadowed different 

members of the Regulatory team who walked me through important study-start up procedures 

such as contract drafting and budgeting.  
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TO: Stephen Mathew (with Clinical Research Management Student, Katalina

Acevedo)
FROM: North Texas Regional Institutional Review Board
  
PROJECT TITLE: [1784811-1] A Quality Improvement Initiative: Evaluating the Impact of the

Standardized Patient Tracking Tools in the Radiation Oncology Clinical
Research Office at the University of Texas Southwestern

REFERENCE #: 2021-080
SUBMISSION TYPE: New Project
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DECISION DATE: New Project
  

Thank you for your submission of New Project materials for this project. Based on the information
provided, the Office of Research Compliance / North Texas Regional Institutional Review Board has
determined this project does not meet the definition of human subject research under the purview of the
Institutional Review Board (IRB) according to federal regulations. Therefore, IRB review of this project is
not required.
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data originally collected for non-research purposes used for research analysis), please contact the North
Texas Regional Institutional Review Board for appropriate guidance and review before initiating any
research activity.
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